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Focus and Trends of Research on Machine Translation Post-editing

LU Yanqi
( School of Foreign Languages, Shanghai Sanda University, Shanghai 201209, China )

Abstract: Based on the Web of Science data source, this study analyzes the relevant research in the field of
machine translation and post-editing during 2011-2020, expounds the research focus and future trends, and
summarizes the research focus of foreign scholars, including comparison between post-editing and from-
scratch translation, advantages and disadvantages of static post-editing and interactive post-editing, effort
prediction, and post-editing standards and guidelines. And it is inferred that future study will explore in
greater depth the aspects of neural machine translation post-editing, literary content of post-editing, and

competences of post-editors. This study provides new perspectives and methods for domestic research.

Keywords: machine translation; post- editing; research focus; development trend

TEE 19 10 47, HLAR B (MT) ok
M B AT ML IR A A R — Tl 2B 5 SRR e e
QBRGNS K B OR RIRR, T IX 265 5K
SRS N TR O A . “ IRTTALAS B™ A=
ST IR IO A B R 5 N TR R,
PRI S SRR SC B R BRI Z [ P4,

s EHEA: 2022 - 03 - 03
BEE£WB: Mgk Al S8l ( A020203.23.005.01 )

PEAPSCE DS, Ml BRI 2 e o Bl
554 Tl AR R A Bt 7

Bl B PE IS g IR T P & BERoR g 1
WprEe, HARREJUER, B 8—Fscik . ik
ST R, C2BT T AIEH R . EN
X AL T I 1) R I i R AT 9 R LR A T

EERN: Bk, 2o, BlIEd. hscdrm . BEEiS 550k, Email: yanqil717@126.com


https://doi.org/10.13256/j.cnki.jusst.sse.220303095
mailto:yanqi1717@126.com

306 B BT OR 27 2 i R RHERR)

2024 4 55 46

(EAH L I AME I SUSHR R TIARIE UL Ak, WF58ia
TR AR, EAMNYREG T 516 5 RSl
USRS oE IR (= T AR B P N A S|
W20 4EA AT, IR T —SupRa kg R, 0
Ana Nino ( 2010) [ % 3% Translation versus Ma-
chine Translation Post-editing, Sharon O’ Brien
(2014) %5 F 4 19 iE CHE Post-Editing of Machine
Translation:  Processes and Applications, Jean
Nitzke (2019) 55 £ (% ¥ 4 Short Guide to Post-
editing 55 . P, ASCH R T EIMENL & B %
JE g AT, MR NG - EH 2%

— . BRI

Web of Science i 2 [ PR /A TA 1Y S e} 2
WK HETF AR B AR B B 2B, Bk
ST AER 13 000 ZFPAURN . B0 T I F AT
A I A 5T L Web of Science 1F Sk [l A8 A 5,
T E st R0 3RS ] (SSCI) LA AR
NICRESI RG] (A& HCD g E, Ko Rufaix
A 2011 3| 2020 45, LI “ machine translation post-
editing” fE MR RbRE . SCHTRI R 2, I b
e LB T AR A SRR, HARIS AL g B
VEJE S X — S I R SO SC g 162 5. M
WS T7 10 FAPEXTIX 162 J SCEHEAT 102, REUS
FIDCTFHE . (1) PLER BRI 4 48 10 1 2 AT
i, 90 F; (2) PLEsBHRERRIG gl 1 RCRE I,
26 (3) PRI gmiEA ge I i g o, 4t
195 (4) PLas®liRe R BRI 535 i T A
K, aedm; (5) HAB/NRPIZ T m, 4t
11 . b, M REMRHL, EHKARY
A 117 R CEEFISE “Ja” M FreR 17 XA
PS8 e A A (11D S e RN ey S N £ - e
AT TS . PR e S e e N TR, I
16 j s HEAIEE i 5 s S e, 36 15 05
VRJG dmi BT REAG 1A, e 115 R A e
A, S 8 G DA XX LA R AR (a2 o0 Hr
It RDG R G

T LRI S AT AR

TEEB KRB SCE T, REBARFEILE
ORI PR 1T XA SRS RO . Ok,

NS R SO B AN A%, IR AHL g B
BTERCR I Z B . Oh, AR IEER A PLAS
BRI, PJn R ] RETR AR R E 20K T,
RS T 58 4 N BRI 25 7 HARAC R Lo I,
Toig e AL B R A F AR SO i, B
B FEHS J1 7 HRIEA RE 1R IR 2 41 AT A TR LA BOAS
I ) I A B v AR I 25 A N 3R . TSR
P SCHEE S, B8 SO R B A SCE R R HUCE LA
AT

(—) ZRHRESTEATHEF

N “JBEE” R ARG 17 IR B R AT
DI PRI A 55 50 AW, o — R B TR S
AL R, PR g T LU B BRI AT
R, Vieira A WTE LW BIEAED, 04
1SO18587 brifE ir it 2 I P45 , B bLEs Bk b 5
JRIE T NI TS — I A% B 2R, G
PRI e H AT RTE™ S o TR FOE LS B RN
ANTEERRIATE, T XUEPEE didE iy Kbt
SR M FITREHG 71 RN TAERBCR T3 T LU T 190 4 A
TANTERE, FEsaliF U B, X dhk
HIRZ 2B BRI E L

Krings 7E 5B IR T 13X I Ag bude, ol
i i PRI A T RERG B T — AN H TR R 11
WFFCAESE . Ak Ry B8 Je Gt T FE RS 1 mT LAyl = Fh
FAL: AT, BORFISR], X = AN A SS A
T USRS g A 58 4 N T BRI JEREY . Zhechev
FIH Autodesk #4T T ZEUAIBESE, JEMNA T3¢
FEVPRIG g AN SE 4 N TR T 3R, HU R 2
P OB B UR BARIE T 0SS, BIaE . #iE.
BEAORNE . MPERIA A EPEAE . HiE L, Wk
WS, RN L EY . BRI FR, A X
IR BIRCRN S, e TEe AT
P, MR RENNE S N TR,
WREAL, 55— Nitzke 76— A 522 AT
BHE . BUFE PR gt S BT PR S e A SEUE AR 5 R
LT 24 #4255 58 N T BIERIE)S g i 1E
fn, LA 6 G SCEE SR SIS PR A R TR 1
MR, k. PHE . ARSI A ARG HRRAE
P =TS B HAn SOR T g B, SR,
FERIE RIS R I I SR T, AR T THT ) R
Fb 58 42 N T B0 IR ok RUE B S5 4 8 1 SCAR Z AR 21,
BEAh,  Stasimioti 45 DASCTE — A B 1S 5 X A AT
XF5, AR S ER A Th A O SR B R iR B



54

Wiz ar: [ SMILESBIE S g AT P 5 R T 4 307

SERNTEIPERTFERIAG T1, DASAERS NMT fii i
PEAT PR AR I BT REHS 1o BTSRRI, Sod4
NTRIEAALL, 35 St T AEHS Jy g

(Z) #SERHESTEXNERRE

PRIE g5 1 ) — R T ol A
PRI g T LUR RS B B . X A L
AR AN T2 s, RIS
i, B R AL B D, SRR AN
— A BRI TR G . TE R R
WLER B 55— R S R R 5 18,
R A SCAS R B 2 A . RA RS0 S T38|
KF AT s i P 1 TAE, A B X miH A Al e
PR PR o R A o AR ™ . Koehn S5 7E CAS-
MACAT 3i H iy ikge , Mk 1A R AR 42
HAER, Flinfegs=>), BIPLEsBIE RN RE
F e R 2R > o XA A SRR, &
HAFMIFREARLS A TR UESE 1 2Z T
) — M, RIS g re > 18t 1 38 B e &7
FFTE IR, X A 200 E F A 1 G i
ARSI T RS T8 G 4
PR #2501, — 3 Alves 4% [ #£ 7 CASMA-
CAT TAEGHATH R FR, 2B PR S
Wy R A, BRI, AL IR TE SR
o A B A A B, ORI B ) AR AR Y
=

B T XPRCR IS, A8 B X R G
B TR A SE R A S BTG BR . 910 Green 454
WA H A AR R AR T 2 I E], EARX T
AR BN S, BRI e R B
i MR, Underwood 2578 55 — iAo b 1,
A& PR giE T B AR SCA Y T 1 VA B S s
A A P R R L B A BTt TR Y
J&, Underwood 5 BIF R A EOR 2 IHCEE N T8
HPPAN RIS 2 B AUy 2 — o HAATSY
KREMEE A NPEAG %, IS T B #ied =
D= Er N S =k N L N U N RS R LR i
FERXANRIE, AT BERR B — T

(=) EER%&EMFER AT

REREMEARZIH, B SCRRRERA
52 2 AE IR AT HLAS BRI A AR RS, 3X R
1ok N S PR RS AR AT 55 L T RE RIS T o
BRI, A7 — A 38 Ao fff YR SCAR B A% B

B RHEAE IS TER B R 2R, SR PN S m]
AeTT LFE DR IR 1 o X AIIE O 5 IR SCARRRAE AR
ARG, EEIEWE RIE SR T T A XL A B
Fo) BB A% 4R 1E . Koponen Al Vieira 53T T — &
GIASCASE, IR A PR EE | kgt . A
T B oA LS H ShAILas B 0EAS o 855
FOR AR B LERFAE" " Green ZE I N X SERIF 5T K
ZRET UGB SCA, Horb im0 B A 2 VA
B BT RE RS 1 P R = i Vieira 783 T 5 IR SC
AR PRI, SRS R A 5 — A AR
ks ST R 2", Koponen & BUA K (8] TAE IR
S rh o R Z A Ty, (BRI B
SIS PR g s R] A e

AR T B RERS 1 2 BRI rh— 1 aki A R
L, ABTEN LS BHIETY 50T B BTRERE ) IO R AT LA
FEAR S HAB YA ST TG R . Specia $8 ), X EE T A
R ALK A SIS HLES B B, AT ZEA
TS %330, X — 5% S g R R e AL
Vieira S5 7E L BIERT R VIR R, KREH0HHE L
BRI T2 A BPEiCC DU B Hh Sbric ) i
A BL, IRALES B RE A R FE AR L H R, X
W AR R PR S Sn ECR — T 2. Roman %5 1]
BrpLaR s S R R AR AR ZS A ok ey e ik s
YR PTFERS BN . ALATRYBESE R, R —Fhis
e PR AL Wit 72 ( Gaussian Process ) [
PRI AT LRS00 26 0 e ) T AR, R MAARE
RS FBRGE T ) A BE R TR ) B0 ) 5 G
BEFTHF T P65 A h o8 B AL

() FEmEirE RN

A LT RR I SRR LML R S B Y, R4
XS B SO PR S R s s/, R, R
FUEAEH AP G AT 5, 0T DIARYE SCAR () 52
il A S SR, XS HLAs B e T el 2 5k
G . 3K A S AT A R A B S U 4
HIAN IR AE R RIS Sl ELEEAR G, 3XIOR T 223411
XTI S 2 i 1) s o R DU (Y 1 22018 . Wagner 7E
— T BRI ZE RS i TR dn AR R
S RE 7= NI ST S | B T TR SN =S S L= 73—
B Z A1) L X R FE DR AEAT 55 b A s (] Rl 2 7
s, Van Egdom %57 HobF 5% R T U4
PRUERIEIG gk, R RN R AR
g 1

S VRS S PR P i oAz, (B



308 B BT OR 27 2 i R RHERR)

2024 4 55 46

L3 ff FH AR RO R RN “Rar B
IR, BRE A PP e (TAUS) KA
S 04 SR 2 AR S T Y H AR SO 5 2 i R
bR, B CREELET MR R TFEETA
TEIRE” AR AN TR AR A B R
T CRREET R “FEAy7 WVEIE g SR, @I
T E bR A AR B AR 3RS g 4R B0 AR TfE, TAUS
JEOU] s e 7 A — A5 SEPR BT B G i AN
A 3k Ao b R T SCAS A T H A LR SRR AL A e
Frbp B, XA B AR T AR RS i R
M —ATE— 3 S50

RS 18 A XA ] 4128 i e D U A7 4
Hr, 0 Hu SFRBFRAS Ha5ie, e midisr 5k
TR AN B a7 R AL SRR B, JUHAE SR
R ER TR, “ Ay PRJE g N 2E R A
KA, Vieira 25 MEEEI 7 UADH 3 28 Ji D £f
T AR R 25 5% . — e RS
Gt e — IR B S IR R A B RS, Rt
MO, “EREE” M “Foa7 MG i Z X
BIARKIT, A —Sep AL 4% A TAUS fER,
EPE DR ZAE TR R A, (FOX A
IAIA], DR R i3 B R B O ARME ™4 1A 21 Hh— AN
e, SCHE B NHITH R 5 a7 R
A R 5,

= HlavBHPEREn i 0 A a3

VR — BB D440, MLAS BRI 4
BT ZRARIE TR R B, EH KRR
SCEEHOR I IR E A 2018—2020 4EHEFT IRK R,
DA ZR 3 = AFIZ I & g sl NI 4 s LA
Tl KRS

(—) #ENR[MERIFERE

AT, #ZPLssig (NMT) B2 h7EFA
SR T A e e LS B . R REM
KR Y 2R 5 19 555 NMT AEH 3,
BCUERH NMT 1035 JUAR B 2% 4 T35 A 1l fes |
AT RIS T 9]

fil4n, Laubli FE0EAG T A2 ML BIIEAE AR T AN
L RSSO TR R T A s e AT T 7
W A — R IE S X, IR T
(AR 3 0 i, 2SRRI NMIT (1 (%l
FE A TR S T . EME — i s

1 59.74%, TEAEE —BRRIEPRE T 9.26%. B
BEAATT A 456 S NMT A3 1 48 e B e A= = ™
Ak, A2 NMT £+ AR, Ll Castilho
GEHMERIsH, BRI NI B R
AR, EIETEFENSITYLILSEIE (PBSMT) £
TR SCAR B SOy T B A R S Ak BE . MR
S 11 15 B2 W 1T RE 23 (AL B R X R Ay
1E, RO U g 8 25 1 T 2 an k™, Yamada
TE—I L3 PBSMT W15 )5 4 5 NMT #9155 S
BV R, BT RS g NMT
AR R 2N IE R, R MATTFE NMT &5 T 1Y
TAE R ™ s A A NMT 7= H 3
FHiE— HiB{T5%, 5 PBSMT = HiAEL, fHiRE
Ao SR, TEPTRMELL T, FAERINAISS KRR
FREES, XEH NMT i 48 8 5 K1 5%
TEPEFE D gk o X —25 AL Yamada 17
W5, NMT (2415 Ll Bl BTG
Ui S AT 55 A8 A3 T N E B2, ShterionovA 1 3 T i
O ADAPT Hob i) —NEAEIH Y, REHL T
TR TAER AR P R AT, AR I S
H 2hiF 5 dni tEBe A AR 280, BT A A
M2 A G i RG] AR T B, X
R T AE R L BHE TARRAR TS 52 P MRS diR Y
AR

TXLERIF Y 0 AR T A S R A AL &5 B,
PR BE AT LA/ D I ETHL S B AR A . )ik
)Y ST T PR RS IR, DT ARAS B4 11 RO 42
m TAERCR . e S, iz 2l
B L LA R A T 25 R,
PR AL BRI P i DL HC IR B AR 3 DL i &2
HIATRE P, AR U B

(Z) XERBNEFRRE

T3 AN 24 AT ST SR A NMT X 32
WA IAT G il . SCFECAR—HHOA RN T
BRI e B 22, RO ML BRI 28 B,
AiE A EA R RS TC R B S0 . 2RI ALK
SEHHAWI X — B2 R A T, ISR SR N
BYE G dm iR SE S8 . Toral 55 7E — A 5% P L 32
TAdH NMT X —38 /N353 0l 24 7138 i 4 8 o8 4
NTEE, S50 R BIATH 85 5 BRI
36%"°", T 1E 53 A —Ti 1 Toral 45 & JF (K 8F 58
R PBSMT o fif5 i3 AL L 5 4 N T8I
PR T 189%™ LI FH A LA B RS 3



54

Wiz ar: [ SMILESBIE S g AT P 5 R T 4 309

FNAREERI, XAR AT AR R mReR R 3
THEEEH.

Moorkens 45 TA by i — S5k (4 i 55 2 AN W LT
AT AR RARR T e e NI, SO
IEARTFOREIG il . HeAh, S HILAS B T 30
SCARRYIFESG Gt ok 7L R, B, FEU
] 803 BB 0T T3 2% NS A (7T RE IR TR 83
B SCAEL, R Ry SO BT B A SR AN
FOMEMRS ) SEeEME AR A R R 1 . 535k,
TR — U R I A S T S B
Frit R, AR 2X P g BRI R B AE SE
o5, A SIPERE AR T EONPEAL T RER EE
BTHTRL, NI Ry ASE A e i 1Ay 207

Kenny SE0F57 T #HZAIL # BHIE A 4T FH 40 o] 5% 1
B A4 PR Hans-Christian Oeser 1) “ SUAS
B 7o Kenny BExX BLAY “FH7 & “IFEInTH
TESCAR AR RG] 7, B X Oeser Z Hif BPEHY
— BN T A TS A A S, B ERE Y
“SCAFE R TRV SR AR bR AR B
WG B A5 I ETEH B A E e e g fE b 32
)T —E R AR TR SR
AR B L 2, IR LS B R G AR AL B
SCF ORI AT T I A 25 Fh PR SR AL TIRARY T
Mah WU DA SC27 SUAS () SR BE &R —— SR AT, A
T AR SR 7=, IR 7E 30
PEHPR I R SRS N T AL B e i, AR
A ) S0 S I A AL BRI I SR Y e i
FHPE L CE SCAR KA

X BEBIF TR Ry 563 S SCAS YIS A A
JE U B Aty T ELAE A R T RN R R SO B
HEhEE g R G0, RN, XS dRM T —Fh
G SRR AR — HH L B
FUSIFFEEE X, ARAL & B S g R
BEASCERGUE, I R SO SOR B — TR 7k

(=) BEREZEENAREER

SR PRHL AR BRI i, AES5 R A B
FHRZ ., Wi, —2805EIE e S T RS
FERE I RE 1 A RE X TT 45 TG 2Rk . HalA
KX — R AR, (AR B3 A sh 1L H
FIMETN, P <A T REAE AR AR N HUE
FHIRICAZ B AR B Ry B AT B B AR =3 g
XA B R 2 (1 5G

Nitzke %5 7£ PACTE ## i3 HE J1 4 %1 FIl Robert 45

BT RE SRR bt —20 kRt T o ik
J G R RE AR R R A R 1 I o i Y 3
AREST: BHIFERES) . AUEBET . BT AMNEE TS
A1 PEa g E AU R RIE A B, A
LR AR . XL B AR
ULy IR | b B XURS 45 R Bl 32 1505 5 1 e
B X L2 TR SCAR R R A . S T IE R PR
JESCH) F08, RIS dniE o I T 2 A — e 2 W
TRUA AR SR AN . X SRR DI “iEF4h
A1 —IRAdE . 0TS0 b Ol R A B
T i IEM AR BRI SCAR I & S, R
&3 25 HFR SCAS . Guerberof 554121 1 HL 4 BH 18 Al
PRI n IR T 2009 4 F1 2017 AR5 | AL ZER TR A
TR R A A M AL+ IR R A 0 St 0 . fbdg
XA G B e gk 22 A 2 RIAH B e, (Al T8
HAEM, BEAEERET, XNiFaEmE T/EER
RIEHE. [, BEEZME, KRR s
SEUERLOHRE . FRA B (5 kS 5L BRI
Je S T AR AR

FR A B T X35 gl i B RE TR
AR KRG g N A RE IR 2R, 2B
R, KRN TR AA B . I,
HAXT B Gl B 2R I s sz
FIRA

i, g

YERET RSSO HR,, HLEsBIEE A
GO B, AR
BT BB P3RS . AR SCFET X Web of Scien-
ce M 2011 A% 2020 FEAE Mk i [ 4 M SRk Y
A, PRUT T HLES B E g p I R, B
Hh [ A B i o S A 1 g S S e N TR
M, HASIE A S A B AR BT
VEJE Gt T ARE RS 1 T00I0 K336 I G s o R U] S
FBL, I p R DT R R 2 AT S A 2 WL R Y
PRIE Rt . SCENABIPRE dniE LA PR SR A
LA MRE 5507 H R IR A MTHE S50 9E . A
ST A B o AT E AT R UG 5 R TR a3 ok [
WA R A BRI S 5%, NmiHEsh = N 7E
IR K

S 3k

(1] A VLS BRAY RIS g (0], B B81%, 2014,



310

B BT R o 2 4 REaBkeeiio

2024 4 55 46

[10]

35(6): 68—73.
VIEIRA L N. Post-editing of machine translation[C]//
O’HAGAN M. The Routledge Handbook of Translation
and Technology. London: Routledge, 2020: 319 — 336.
KRINGS H P, KOBY G S. Repairing Texts: Empirical
Investigations of Machine Translation Post-Editing
Processes[M]. Kent: Kent State University Press, 2001.
ZHECHEV A V. Analysing the post-editing of machine
translation at Autodesk[C]//O’BRIEN S, BALLING L
W, CARL M, et al. Post-editing of Machine Transla-
tion: Processes and Applications, Newcastle: Cambri-
dge Scholars Publishing, 2014: 2 — 24.

NITZKE J. Monolingual post-editing: an exploratory
research behaviour and

S,GRUCZA  S.

study on
quality[C]//HANSEN-SCHIRRA

target text

Eyetracking and Applied Linguistics. Berlin: Language
Science Press, 2016: 83 — 109.

STASIMIOTI M, SOSONI V. Translation vs Post-
editing of NMT Output: Insights from the English-
Greek language pair[C]//Proceedings of 1st Workshop
on Post-Editing in Modern-Day Translation. Virtual:
Association for Machine Translation in the Americas,
2020: 109-124.

KOEHN P, ALABAU
CASMACAT: final public
University of Edinburgh, 2015: 15 —23.

ALVES F,KOGLIN A, MESA-LAO B,et al

V, CARL M, et al.

report[R].  Edinburgh:

Analysing the impact of interactive machine translation
on post-editing effort[C]//CARL M, BANGALORE S,
SHAEFFER M. New Directions in Empirical
Translation Process Research. Cham: Springer, 2016:
77 —94.

GREEN S, CHUANG J, HEER 1], et al. Predictive
translation memory: A mixed-initiative system for
human language translation[C]//Proceedings of the 27th
Annual ACM Symposium on User Interface Software
and Technology. Honolulu: Association for Computing
Machinery, 2014: 177 — 187.

UNDERWOOD N, MESA-LAO B, MARTINEZ M G,
et al. Evaluating the effects of interactivity in a post-
editing workbench[C]//CALZOLARI N, CHOUKRI K,
DECLERCK T,et al. Proceedings of the Ninth

International Conference on Language Resources and

Evaluation (LREC’14). Reykjavik: European Language

[11]

[12]

[13]

[14]

[15]

[16]

[17]

(18]

[19]

[20]

Resources Association, 2014: 553 — 559.

KOPONEN M. Is machine translation post-editing
worth the effort? A survey of research into post-editing
and effort[J]. The Journal of Specialised Translation,
2016, 25 (1): 131—148.

VIEIRA L N. Indices of cognitive effort in machine
translation post-editing[J]. Machine Translation, 2014,
28 (12): 187 —216.

GREEN S, HEER J, MANNING C D. The efficacy of
human post-editing for language translation[C]/
Proceedings of the SIGCHI Conference on Human
Factors in Computing Systems. Paris: Association for
Computing Machinery, 2013: 439 — 448.

KOPONEN M. Comparing human perceptions of post-
editing effort with post-editing operations[C]//
Proceedings of the Seventh Workshop on Statistical
Machine Translation. Montréal: Association for
Computational Linguistics, 2012: 181 — 190.

SPECIA L. Exploiting objective annotations for
measuring translation post-editing effort[C]// FORCA-
DA M L, DEPRAETERE H, VANDEGHINSTE V.
Proceedings of the 15th International Conference of the
European Association for Machine Translation. Leuven:
European Association for Machine Translation, 2011:
73 - 80.

VIEIRA L N, ALONSO E.The use of machine
translation in human translation workflows: practices,
perceptions and knowledge exchange[R]. Milton
Keynes: Institute of Translation and Interpreting, 2018:
16 —18.

ROMAN I, SANTANA R, MENDIBURU A, et al
Evolving Gaussian process kernels for translation
editing effort estimation[ C]/MATSATSINIS N, MARI-
NAKIS Y, PARDALOS P.Learning and Intelligent
Optimization. Cham: Springer, 2020: 304 — 318.
WAGNER E. Post-editing SYSTRAN, a challenge for
commission translators[J]. Terminologie et Traduction,
1985, 3: 1-17.

VAN EGDOM G W, PLUYMAEKERS M. Why go the
extra mile? How different degrees of post-editing affect
perceptions of texts, senders and products among end
users[J]. The Journal of Specialised Translation, 2019,
31 (1): 158 —176.

CADWELL P,O’ BRIEN S, TEIXEIRA C S C.



Wiz ar: [ SMILESBIE S g AT P 5 R T 4 311

[21]

[22]

[23]

[24]

[25]

[26]

[27]

Resistance and accommodation: factors for the (non-)
adoption of machine translation among professio-
nal translators[J]. Perspectives, 2018, 26 (3):301 —
321.

MASSARDO I, VAN DER MEER J, O’BRIEN S, et al.
MT post-editing  guidelines[R]. Amsterdam: TAUS
Signature Editions, 2016: 33 —41.

HU C, RESNIK P, BEDERSON B B. Crowdsourced
monolingual translation[J]. ACM  Transactions on
Computer-Human Interaction, 2014, 21 (4): 22.
LAUBLI S, AMRHEIN C, DUGGELIN P, et al. Post-
editing productivity with neural machine translation: an
empirical assessment of speed and quality in the
banking and finance domain[C]//Proceedings of
Machine Translation Summit XVII: Research Track.
Dublin: European Association for Machine Translation,
2019: 267-272.

CASTILHO S, MOORKENS J, GASPARI F, et al. Is
neural machine translation the new state of the art?[J].
The Prague Bulletin of Mathematical Linguistics, 2017,
108 (1): 109 —120.

YAMADA M. The impact of Google neural machine
translation on post-editing by student translators[J]. The
Journal of Specialised Translation, 2019, 31 (2):
87 — 106.

SHTERIONOV D, CARMO F D, MOORKENS J, et al.
A roadmap to neural automatic post-editing: an
empirical Translation, 2020,
34 (2): 67-96.

TORAL A, CASTILHO S, HU K, et al. Attaining the

approach[J]. Machine

unattainable? Reassessing claims of human parity in
neural machine translation[C]//Proceedings of the Third
Conference on Machine Translation: Research Papers.

Brussels: Association for Computational Linguistics,

[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

2018: 113 —123.
TORAL A, WAY A. What level of quality can neural
machine text?[C]//

MOORKENS J, CASTILHO S, GASPARI F,et al

translation attain on literary
Translation Quality Assessment: From Principles To
Practice. Cham: Springer, 2018: 263 — 287.
MOORKENS J, TORAL A, CASTILHO S,et al.
Translators” perceptions of literary post-editing using
statistical and neural machine translation[J]. Translation
Spaces, 2018, 7 (2): 240 —262.

KENNY D, WINTERS M. Machine translation, ethics
and the
Spaces, 2020, 9 (1): 123 —149.

literary translator’ s voice[J]. Translation

MAH S H. Defining language dependent post-editing
guidelines for specific content: The case of the English-
Korean pair to improve literature machine translation
styles[J]. Babel, 2020, 66 (4/5): 811 — 828.
JOSCELYNE A, VAN DER MEER J, SAMIOTOU A,
et al. TAUS machine translation market report 2017[R].
Amsterdam: TAUS, 2017: 41 — 52.

NITZKE J, OSTER K. Comparing translation and post-
editing: an annotation schema for activity units[C]/
CARL M, BANGALORE S, SCHAEFFER M. New
Directions in Empirical Translation Process Research.
Cham: Springer, 2019: 293 — 308.

ROBERT I S, REMAEL A, UREEL J J J. Towards a
of translation

model revision competence[J]. The

Interpreter and Translator Trainer, 2017, 11 (1):
1—19.

GUERBEROF A , MOORKENS J. Machine translation
and post-editing training as part of a master's
programme[J]. The Journal of Specialised Translation,
2019 (31): 217 -238.


https://doi.org/10.1080/0907676X.2017.1337210
https://doi.org/10.1515/pralin-2017-0013
https://doi.org/10.1075/ts.18014.moo
https://doi.org/10.1075/ts.18014.moo
https://doi.org/10.1075/ts.00024.ken
https://doi.org/10.1075/ts.00024.ken
https://doi.org/10.1075/babel.00174.mah
https://doi.org/10.1080/1750399X.2016.1198183
https://doi.org/10.1080/1750399X.2016.1198183

	一 数据来源
	二 机器翻译译后编辑的研究热点
	一 译后编辑与完全人工翻译
	二 静态译后编辑与交互式译后编辑
	三 译后编辑所耗精力预测
	四 译后编辑标准和原则

	三 机器翻译译后编辑的发展趋势
	一 神经机器翻译的译后编辑
	二 文学内容的译后编辑
	三 译后编辑者能力构成与培养

	四 结语
	参考文献

